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In this proposal, we will develop a high-speed tracking and
reconstruction technique and applied to biomedical study. For
instance: reconstruction for confocol microscope images, rainbow
images, etc. Application for clinical medicine includes the diagnosis
of the disease and treatment tracking for kidney and Parkinson,
alignment and reconstruction for synchrotron images. Application
for biological includes the track of the fly activity. Because of GPU
(Graphics Processing Unit) Maturity of technology, we will also
develop the GPU version library for of basic image process function
to accelerate processing speeds too
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[1] D. H. Friedman, “Detection of Signals by Template Matching,” Baltimore, MD:Johns
Hopkins University Press, 1969.

[2] G. L. Turin, “An Introduction to Matched Filter,” IRE Transcations in Information Theory,
June 1960.
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